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Ntrain=200 Nirain=300 | Nirain=500
HAE 1 0. 08% 0.14% 0. 04%
HAE] 2 2.07% 2. 46% 2.57%
A 3 0. 90% 0.57% 0.51%
HArE 4 3.24% 2.68% 2.93%
HAmE 5 2.13% 2.02% 1.99%
HArs 6 0.37% 0. 54% 0. 54%
7 2. 06% 1.48% 1.77%
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Ntrain=200 Nirain=300 | Ntrain=500
AR 1. 54% 1.66% 1.47%
#ARH 2 1.15% 0. 85% 0. 20%
#Am1 3 2.43% 2.05% 1. 50%
HArE] 4 1.60% 1.17% 1. 06%
HA/E1 5 1.21% 0.79%% 1.37%
HArE 6 0. 46% 0. 56% 0. 90%
7 1.78% 1.07% 1.53%
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HAR 1 0.79%% 0. 64% 0.70% 0. 74%
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#ARH 3 0. 68% 0. 73% 0.73% 0.61%
#ARA 4 1. 55% 1.60% 1.55% 1.43%
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HARE 4 1.59% 1.71% 1. 60% 1. 65%
HARE 5 1.57% 1. 36% 1. 36% 1.31%
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& 9 BIETHRMDIGIET RO MAPE (Z B D7)
s=52 =102 | =152 | =202
#RA1 | 0.04% | 0.04% | 0.33% | 0.30%
w92 | 2.50% | 2.57% | 2.47% | 2.46%
w93 | 0.66% | 0.51% | 0.91% | 0.92%

& 10 BREFH¥RMEDORIETRID MAPE(ZHDOH)
s=52 =102 | =152 | =202
R | 1.38% | 1.47% | 1.75% | 1.94%
#R2 | 0.03% | 0.20% | 0.50% | 0.28%
BR3 | 2.19% | 1.50% | 1.44% | 1.67%

& 11 BfRET 9D IR1E T80 MAPE (5 BFE)
s=52 s=102 | =152 | s=202
w1 | 0.78% | 0.74% | 1.08% | 1.04%
B2 | 1.06% | 1.08% | 1.05% | 1.09%
#RA3 | 0.72% | 0.61% | 0.78% | 0.65%

& 12 B#EF 8O RE TR D MAPE (5 BFE)
s=52 =102 | s=152 | =202
R | 113% | 115% | 1.41% | 1.66%
#WR92 | 0.64% | 0.73% | 0.81% | 0.76%
BR3 | 1.04% | 0.85% | 1.40% | 1.04%
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